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e \When input is variable, children regularize while adults frequency-match, except in cases of highly variable and unpredictable input’
e Artificial language learning paradigms using transmission chains allow us to probe the effect of iterated learning on linguistic structure?
e Typological work and artificial language learning studies demonstrate a bias for subject-initial word orders3-°
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e Subject-initial word orders are privileged in non-gestural artificial language tasks with native English speakers

e Even when the alternate word order shares as many features with participants’ native language and is more common in the input, SOV
Is preferred to both OSV and VSO

o \Whether adults frequency-match or regularize depends on both the amount of data and its distribution across speakers

e Regularization occurs when there is insufficient information about each speaker
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